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ABSTRACT : The adaptive neuro-fuzzy inference systen(ANFIS) based on wavelet
coefficient for the classification of the premature ventricular contraction (PVC) is
described. The three features are used for the input of the ANFIS - wavelet coefficient(A2)
with 22.5Hz~45Hz, wavelet coefficient(D6) with O0Hz~10Hz and the RR interval. The
MIT/BIH arrhythmia database including the PVC is used for the evaluation. Because the
wavelet transformation makes it possible to analyze the time and the frequency
simultaneously and the ANFIS functions appropriately with optimization and adaptive
techniques, the ANFIS performs more efficiently in the PVC classification than the general
fuzzy inference system. The ANFIS shows the ratio of the PVC classification of 97.83%
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Fig. 2 Procedure of feature extraction using detected QRS signal

(a) ECG signal(T100)

(b) Procedure of QRS detection by dynamic threshold
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Fig. 3 Examples of the decomposition by wavelet transform



Table 1. The performance of the PVC classification

Record | No. of PVC| F.N F.P | Accuracy(%.
T106 520 3 4 98.65
T116 109 1 5 94 .50
T119 444 1 2 99.32
T200 826 3 7 98.79
T203 444 37 15 88.29
T210 194 0 5 97.42
T215 164 1 3 97.56
T221 396 1 1 99.49
T228 362 1 9 97.24 )
Total 4507 48 51 97.83
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